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Introduction
The modern job market is increasingly shaped by data analysis, which influences hiring trends and the skills employers seek. In this project, we perform descriptive analysis on a dataset of job listings spanning various industries, locations, experience levels, and salary ranges. By examining these patterns, we aim to generate insights that support AI-driven job recommendation systems. This analysis will be valuable for data scientists, HR professionals, job seekers, and researchers who are interested in using data-driven methods to understand employment trends and improve career decision-making.

Data
This project uses a cleaned and normalized subset of a job recommendation dataset originally sourced from Kaggle[footnoteRef:1]. The full dataset contains over 50,000 job listings compiled from company websites, recruitment platforms, and online job portals. To ensure that our analysis was manageable and fast in Oracle APEX, we randomly sampled 5,000 job postings using R. This made our analysis much more digestible and meaningful. These job listings, as referenced above, span a variety of different industries, experience levels, locations, and salary ranges. Table 1 provides a detailed outline of each field, data type, and a description of its purpose in the dataset.  [1:  https://www.kaggle.com/datasets/samayashar/ai-powered-job-recommendations ] 

     Table 1 Data Dictionary[image: A black and white text
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In our ER diagram (Figure 2), we modeled the dataset using two entities: COMPANY and JOB. The COMPANY entity represented organizations posting job listings, uniquely identified by a CompanyID. It included attributes such as CompanyName and Location. This entity served as the foundation for the data model, as all job postings in the dataset are associated with a specific company.
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Figure 2 Entity relationship diagram

The JOB entity represented individual job listings and was modeled as a weak entity, meaning it depended on the existence of a parent company. Each job record included required attributes such as Experience Level, Salary, Industry, and Skills. The Skills attribute was multivalued, representing a set of technical or soft skills required for the job. In the ER diagram, the COMPANY and JOB entities were connected through a one-to-many relationship: a single company could post multiple jobs, but each job must be associated with exactly one company.

This conceptual model reflected the real-world relationship between employers and job openings. It also highlighted data constraints, such as ensuring every job is linked to an existing company and that each company has at least one active listing. The diagram also acknowledged the complexity introduced by the multivalued Skills attribute, which informed our later design choices. 

While our original conceptual model included a distinct COMPANY entity, we revised the implementation during normalization. In the final schema, Company is treated as a descriptive field within the JOBS table, and the multivalued Skills attribute is separated into a SKILL table and an associative JOB_SKILL table. This transformation helped us support better data integrity, while also enabling us to have more flexible querying in Oracle APEX.
[image: ]
Figure 3 Graphical relational schema

To support database normalization and improve data integrity, we implemented a revised relational schema based on our conceptual model. The final design consists of four normalized tables: JOBS, INDUSTRY, SKILL, and JOB_SKILL. These tables were structured to reduce redundancy, enforce relationships through foreign keys, and allow for flexible querying in Oracle APEX.

Database Implementation
To implement the database into Oracle APEX, we wrote four CREATE TABLE commands, one for each table in the relational schema. The parent tables were INDUSTRY and SKILLS, so we created those first to ensure that the child tables could properly reference them:
INDUSTRY:
CREATE TABLE INDUSTRY (
IndustryID NUMBER,
IndustryName VARCHAR2(100),
CONSTRAINT pk_industry PRIMARY KEY (IndustryID)
);

SKILLS:
CREATE TABLE SKILLS (
SkillID NUMBER,
SkillName VARCHAR2(100),
CONSTRAINT pk_skills PRIMARY KEY (SkillID)
);

We then created the two child tables, JOBS and JOB_SKILL, which reference the parent tables via foreign keys: 
JOBS:
CREATE TABLE JOBS (
JobID NUMBER,
JobTitle VARCHAR2(100),
Company VARCHAR2(100),
Location VARCHAR2(100),
ExperienceLevel VARCHAR2(50),
Salary NUMBER,
IndustryID NUMBER,
CONSTRAINT pk_jobs PRIMARY KEY (JobID),
CONSTRAINT fk_jobs_industry FOREIGN KEY (IndustryID) REFERENCES INDUSTRY(IndustryID)
);

JOB_SKILL:
CREATE TABLE JOB_SKILL (
JobID NUMBER,
SkillID NUMBER,
CONSTRAINT pk_job_skill PRIMARY KEY (JobID, SkillID),
CONSTRAINT fk_jobskill_job FOREIGN KEY (JobID) REFERENCES JOBS(JobID),
CONSTRAINT fk_jobskill_skill FOREIGN KEY (SkillID) REFERENCES SKILLS(SkillID)
);

For each of the tables, we selected appropriate data types that matched the original dataset. We used the APEX Data Upload tool to upload the clean and normalized data. Below, we have example INSERT commands for each table:

INSERT INTO INDUSTRY (IndustryID, IndustryName)
VALUES (1, ‘Information Technology’);

INSERT INTO SKILLS (SkillID, SkillName)
VALUES (1, ‘Python’)

INSERT INTO JOBS (JobID, JobTitle, Company, Location, ExperienceLevel, Salary, IndustryID) VALUES (1, ‘Data Analyst’, ‘TechCorp’, ‘New York’, ‘Mid Level’, 70000, 1);

INSERT INTO JOB_SKILL (JobID, SkillID)
VALUES (1, 1);

Analysis
We created questions that would help showcase how the data could be used and solutions that it could create for a user. 

Question 1: In-Demand Skills
What are the most in-demand skills across different job postings? What skills are associated with earning the highest salaries? To identify the most in-demand skills among the job postings, we aimed to quantify the frequency of each skill appearing across job listings. 

To answer these questions, we needed to count the number of job postings associated with each skill. Since skills are stored separately in the SKILLS table and linked to jobs via the JOB_SKILL table, we made a query that joins these two tables. We grouped by skill name, which allowed us to count the job postings for each skill, and then sort the results in descending order for the most in-demand skills. 

SELECT
s.SkillName,
COUNT (js.JobID) AS JobCount
FROM
SKILLS s
JOIN
JOB_SKILL js ON s.SkillID = js.SkillID
GROUP BY
s.SkillName
ORDER BY
JobCount DESC;

The output of this query revealed that skills related to data analysis and software development are the most frequently required. Specifically, SQL, Python, and Production Planning appeared in the largest number of job listings. These results make a lot of sense, as they align with current job market trends in the workplace. Figure 4 below shows the top results as a table.
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Figure 4 Top 10 In-Demand Skills
The table above shows the top 10 most in-demand skills as a bar chart, making it easy to compare the frequency of each skill.

That wasn’t enough though, so we made another query to determine which skills are associated with the highest salaries. To do this, we made a query that calculates the average salary for each skill. We combined the SKILLS, JOB_SKILL, and JOBS tables to link skills to salaries. The query calculates the average salary for each skill while filtering out jobs with missing salary data to ensure accurate results. We then sorted the results by average salary to allow us to see the most lucrative skills.

SELECT 
    s.SkillName,
    COUNT(js.JobID) AS JobCount,
    ROUND(AVG(j.Salary), 2) AS AvgSalary
FROM 
    SKILLS s
JOIN 
    JOB_SKILL js ON s.SkillID = js.SkillID
JOIN 
    JOBS j ON js.JobID = j.JobID
WHERE 
    j.Salary IS NOT NULL
GROUP BY 
    s.SkillName
ORDER BY 
    AvgSalary DESC;

The analysis highlighted that skills such as machine learning, nursing, and patient care are linked to the highest average salaries. Behind that, skills such as Python and SQL were in the top 10 results, showing that they are both in demand (popular jobs) and also make a lot of money. The table below (Figure 5) shows a table with the top results from the query.
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Figure 5 Top 10 Average Salaries
Figure 16 shows the information as a bar chart.

Question 2: Industry Salaries
Do certain industries generally offer higher base salaries? This question is especially relevant for students and current workers looking to change careers by gauging the value of entering a certain industry over another. While factors such as job function, experience level, location, and company size all play a role in determining compensation, our goal in this analysis is to explore strictly the impact of the industry on employee salary.
 
To address this question, we joined the jobs table with the industry reference table using the shared key INDUSTRYID. The jobs table contains individual job listings, that each had a specific industry from a foreign key. The industry table has the label (INDUSTRYNAME) for each industry ID, allowing us to clearly interpret the results.

Before comparing salaries across industries, we ran a query to count how many job listings existed in each industry. This helped ensure that our analysis wouldn’t be skewed by industries with very few records. The query joined the jobs and industry tables and grouped the results by industry name. By verifying that each industry had a sufficient sample size, we increased the reliability and validity of our salary comparisons.
SELECT 
    i.INDUSTRYNAME,
    COUNT(j.JOBID) AS JobCount
FROM 
    jobs j
JOIN 
    industry i ON j.INDUSTRYID = i.INDUSTRYID
GROUP BY 
    i.INDUSTRYNAME
ORDER BY 
    JobCount DESC;
The results of that query are shown below in figure 6
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Figure 6 Industry Job Count

Once we verified that there were enough job listings from each industry that the tests would be accurate, we then wrote an aggregate query to group the joined data by INDUSTRYNAME and calculate the average base salary (SALARY) within each industry. The output was sorted in descending order to highlight the highest paying industries at the top of the list and the lowest paying ones at the bottom.

SELECT
	i.INDUSTRYNAME,
	ROUND(AVG(j.SALARY), 2) AS AVERAGE_SALARY
FROM
	jobs j
JOIN
	industry i ON j.INDUSTRYID = i.INDUSTRYID
GROUP BY
	i.INDUSTRYNAME
ORDER BY
	AVERAGE_SALARY DESC;


The results of this query are shown in figure 7
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Figure 7 Average Salary by Industry
The data does show variation in average base salary across different industries. Marketing emerged as the industry with the highest average base salary, followed closely by Healthcare, Finance, and Retail. These industries reported mean salaries above $95,000, suggesting that roles within these sectors tend to offer more competitive compensation packages. At the other end of the spectrum, Manufacturing and Software ranked lowest in average salary. I found this to be interesting as I initially assumed software would be one of the highest paying industries given current market trends.
 
These findings have important implications. For students pursuing careers in business, data analytics, or IT, the choice of industry may matter nearly as much as the job function itself. For instance, a business analyst role in the healthcare or marketing sector may yield higher pay than a similar role in education or nonprofit work. While these numbers certainly reflect a clear difference between sectors, the range of averages is still $3,093.45, which for some people may be a significant enough difference to completely change industry fields, but for others the pay difference could be seen as insignificant enough to pick a lower paying industry out of a liking for the field.

Overall, the analysis demonstrates that industry does in fact play a significant role in determining salary, a key detail for anyone entering the job market.

Question 3: Salaries across varying geographical locations
How do salaries vary across different geographical locations within the dataset? To address this question, we composed a SQL query that summarizes salary statistics by city. Specifically, the query grouped the data by the LOCATION field and calculated the number of job listings in each city, along with the average, minimum, and maximum salaries offered
SELECT LOCATION, COUNT(*) AS JOB_COUNT, TO_CHAR(ROUND(AVG(SALARY), 2), '$999,999.00') 
AS AVERAGE_SALARY, TO_CHAR(MIN(SALARY), '$999,999.00') AS MINIMUM_SALARY, 
TO_CHAR(MAX(SALARY), '$999,999.00') AS MAXIMUM_SALARY
FROM JOBS,
GROUP BY LOCATION,
ORDER BYAVG(SALARY) DESC;
 Figure 8 shows that London reported the highest average salary ($96,894.95), followed closely by Toronto, San Francisco, and Berlin. Cities such as Bangalore and Sydney showed lower average salaries. Interestingly, the minimum and maximum salaries were identical across all cities, suggesting the dataset may be capped by predefined salary limits or influenced by outliers.[image: ] 
Figure 8, average salary by city

To deepen our understanding of what drives average salary differences, we ran a follow-up query that breaks down job counts by experience level within each city:
SELECT LOCATION, SUM(CASE WHEN EXPERIENCELEVEL = 'Senior Level' THEN 1 ELSE 0 
END) AS SENIOR_COUNT, SUM(CASE WHEN EXPERIENCELEVEL = 'Mid Level' THEN 1 ELSE 
0 END) AS MID_COUNT,SUM(CASE WHEN EXPERIENCELEVEL = 'Entry Level' THEN 1 ELSE
0 END) AS ENTRY_COUNT, TO_CHAR(ROUND(AVG(SALARY), 2),'$999,999.00') AS AVG_SALARY
FROM JOBS
GROUP BY LOCATION
ORDER BY AVG_SALARY DESC;
The results (see Figure 9) reveal that cities with a higher proportion of senior-level positions tend to also report higher average salaries[image: ]
Figure 9 
From this analysis, we found that experience level is a strong predictor of salary. London, Berlin, and Toronto have a high number of senior-level jobs, which aligns with their top salary rankings. Mid-level roles also play a significant role, especially in cities like San Francisco and New York, where such positions are common and well-compensated due to local market rates. Bangalore and Sydney, while also showing many senior-level roles, report lower average salaries—likely a reflection of regional wage standards or currency differences. The uniform salary range ($40,000 to $150,000) across all locations limits our ability to identify true outliers or high-earning roles, which may indicate normalization of the data or fixed salary boundaries within the dataset.

Question 4: Industry Growth Over Time
Which industries are seeing the most growth in job availability? This question is key for students and job seekers who want to set their career paths towards growing job markets. While many factors drive industry trends, this analysis focuses specifically on the increase in job postings within each industry across the dataset’s timeframe to help identify growing fields.
To show this, we wrote a SQL query that split the job postings dataset into two time sections: early and late. We did this by assigning a ‘period’ label based on whether each job entry’s ID fell below or above the median ID (the midpoint of the dataset). By joining job data with the industry table and grouping by industry and period, we were able to calculate the number of postings in each phase. This let us determine the change in job volume across time.
To highlight industries with the most growth, we subtracted early job counts from late job counts for each industry. The results (shown in Figure 10) revealed that Marketing experienced the highest growth in job postings, increasing by 31 listings. Finance followed with 22 new postings, while other sectors like Software and Manufacturing showed modest gains. On the other hand, Education and Retail experienced declines, suggesting reduced hiring momentum in those areas.
These trends provide helpful insights for students exploring career paths. Growth in job postings can indicate rising demand, which may signal better job availability or more opportunities in those fields. While job function and qualifications are still key factors, knowing which industries are actively expanding can help guide more informed career decisions.
WITH job_data AS (
    SELECT 
        j.ID AS job_id,
        i.INDUSTRYNAME
    FROM jobs j
    JOIN industry i ON j.INDUSTRYID = i.INDUSTRYID
),

job_with_timeframe AS (
    SELECT 
        INDUSTRYNAME,
        job_id,
        CASE 
            WHEN job_id <= (SELECT MAX(ID) FROM jobs) / 2 THEN 'early'
            ELSE 'late'
        END AS period
    FROM job_data
),

industry_growth AS (
    SELECT 
        INDUSTRYNAME,
        period,
        COUNT(*) AS job_count
    FROM job_with_timeframe
    GROUP BY INDUSTRYNAME, period
)

SELECT 
    ig1.INDUSTRYNAME,
    ig1.job_count AS early_postings,
    ig2.job_count AS late_postings,
    (ig2.job_count - ig1.job_count) AS growth
FROM 
    industry_growth ig1
JOIN 
    industry_growth ig2 ON ig1.INDUSTRYNAME = ig2.INDUSTRYNAME
WHERE 
    ig1.period = 'early' AND ig2.period = 'late'
ORDER BY growth DESC;
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	                          Figure 10


Question 5: Salary by Experience Level
What role does experience level play in determining salary for job postings? This question addresses common assumptions that more experience directly correlates with higher pay. To expand on this, we analyzed the average salaries across three experience categories Entry Level, Mid Level, and Senior Level based on the survey data.
SELECT 
    EXPERIENCELEVEL AS label,
    ROUND(AVG(SALARY), 2) AS value
FROM 
    JOBS
GROUP BY 
    EXPERIENCELEVEL
ORDER BY 
    value DESC;
 Surprisingly, Entry Level positions reported the highest average salary at $96,012, slightly exceeding Mid Level ($95,370) and Senior Level ($94,512) roles. 
This unexpected trend may reflect a dataset skew toward technical or in demand Entry Level roles that command higher wages despite requiring less formal experience. On top of that, the data may not fully capture job complexity or education requirements, which often influence compensation. These results show that pay distribution across experience levels in this dataset is relatively flat. These insights are helpful for early-career professionals assessing the financial implications of entry versus advanced roles.
Our results of how average salary varies amongst experience level is displayed below in figure 11.
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Figure 11


Web Design 
Homepage
The home page of our web application introduces a brief project summary and a professional image that aligns with the theme. A nested navigation menu with custom icons organizes key report sections. A consistent accent color is used throughout to highlight important content and maintain visual appeal, as shown in Figure 12.
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Figure 12 Home page
Tables 
We created an interactive report for each of the four main database table. This enables users to dynamically search, filter, and group the data based on relevant criteria. Each report page includes labeled column headings and customized number formats to enhance clarity and usability. Additionally, every page contains a descriptive text box summarizing the purpose and contents of the table, helping users quickly understand the structure and relevance of the data being presented (Figures 13-16).
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Figure 13 Industries
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Figure 14 Jobs
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Figure 15 Skill ID
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Figure 16 Skills


Queries
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Figure 17 In-Demand Skills
The first question was about which skills were most popular under the job postings that were in the database (Figure 17). This included a bar chart where we totaled the number of times a skill came up in the dataset, and then we returned the top 10 skills. This page was a classic dashboard report, where we also returned a table showcasing the top salaries by each skill type, which showed little overall variance between the top jobs in the dataset, but machine learning, nursing, and patient care were the top skills.
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Figure 18 Industry Salary Analysis
The Second question, as represented in figure 18 was used to get a basic understanding of how a certain industry can affect the potential pay in an ai driven field. We first looked at the count of jobs in each industry to ensure that there was an even enough distribution to compare the industries amongst each other. After verifying this through the pie chart, we then used the bar chart to display the variance of salary within different industries.
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Figure 19 Salaries across varying geographical locations
The third research question explores salary variation across major cities and examines the distribution of job levels within each location. These insights were visualized using both horizontal and vertical bar charts to provide a clear comparison of average salaries and job counts by city (Figure 19).




[image: A screenshot of a computer

AI-generated content may be incorrect.]
Figure 20 Industry growth over time
This analysis explores which industries experienced the most change in job postings over the dataset’s timeframe by comparing early and late periods. The bar chart shows net growth in postings across several industries. Marketing had the highest growth, followed by Finance and Software, indicating increased demand in those sectors. In contrast, industries like Retail and Education saw significant declines, reflecting a shift away from traditional roles toward more digital and business-focused opportunities.
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Figure 21 Salary by experience level
The final question we had, as seen in figure 21, was how does experience level affect the salary offered. In this analysis, we decided to use a bar chart to compare the three levels amongst each other. This would give us a solid understanding of how experience is treated within ai driven fields.




1

image3.png
JobID JobTitle Company Location ExperiencelLevel Salary IndustrylD

JOB_SKILL

INDUSTRY SKILLS

JobID SkilllD IndustrylD IndustryName SkilllD SkillName





image4.png
SKILLNAME
saL
Python
Production Planning
Supply Chain
Quality Control
Customer Service
Sales
Merchandising
EdTech

Research

606
605
575
568
552
543
532
529
481

480

JOBCOUNT




image5.png
SKILLNAME
Machine Learning
Nursing
Patient Care
Market Research
Content Writing
Python
Social Media
Curriculum Design
Teaching

saL

246
a17
428
355
351

605
353
478
479

606

JOBCOUNT

9800813
97971.22

97668.22
9748752

97282.05
97095.87
96643.06
9648326
963904

96033

AVGSALARY




image6.png
INDUSTRYNAME JOBCOUNT

Education 750
Software 740
Manufacturing 725
Marketing 719
Retail 705
Finance 698
Healthcare 663





image7.png
INDUSTRYNAME AVERAGE_SALARY

Marketing 96624.48
Healthcare 95808.45
Finance 95780.8
Retail 95642.55
Education 95162.67
Software 94616.22
Manufacturing 93531.03




image8.png
LocaTioN
London,

Toronto

San Francisco

Berin

NewYork

Bangalore

Syney.

5
o

707

75

9

59689495
$9670263
s9582318

956535
$9520609
soaai6

s9245980

AVERAGE_SALARY

54000000
54000000
$4000000
54000000
54000000
$4000000
$4000000

MINIMUM_SALARY

515000000
$15000000
$55000000
515000000
515000000
$15000000

$150,00000

MAXIMUM_SALARY




image9.png
LOCATION
London

Toromo.

San Francico

Berin

Nework

Bangaore

Syiney

9
2
m
=1
5
24

2

SENIOR_COUNT

=

ue

2

2

240

MID_COUNT

8y

=

5

ENTRY_COUNT

59609495
so70265
soszsis
s9s.a6535
59520609
sosats

$92,45980

AVGSALARY




image10.png
INDUSTRYNAME
Marketing

Finance

Software

Manufacturing

Healthcare

Retail

Education

338
369
366
337
360

386

EARLY_POSTINGS

375
360
37

359
326
345

364

LATE_POSTINGS

3

2

GROWTH




image11.png
EXPERIENCELEVEL JOB_COUNT AVERAGE_SALARY

MINIMUM_SALARY MAXIMUM_SALARY

Entry Level 1659
Mid Level 1664
Senior Level 1677

96012.06
95369.59
94511.63

40000
40000
40000

150000
[

150000
150000




image12.png
@Y BAIS3200 Final Project

Welcome

Final Project: Job Market Insights

This web application explores patterns in a curated dataset of job listings across industries, roles, and locations. By analyzing trends in experience, salary, and hiring demand,
the project supports data driven strategies for career planning and Al powered job recommendations.

The data originates from a Kaggle job recommendation dataset, narrowed to a 5,000 record sample for performance in Oracle APEX. The cleaned and normalized data
supports clear, accessible visualizations designed for job seekers, HR professionals, and researchers,





image13.png
R ® ®© 9 8 8 8 80

Home
Tables v
Industry.

Jobs

Job_Skill

skills

Q1-In-Demand Skills

Q2-Industry Salary Analysis

Q3-Salaries across varying.

Q4-Industry Growth over ti

Q5-Salary by Experience L...

INDUSTRY contains 7 rows linking a unique industry ID to each industry name, allowing each job listing to be associated with a specific industry.

o

Actions v

Industry ID

Industry Name
Software
Finance
Marketing
Manufacturing
Retail
Education

Healthcare





image14.png
R ® ® 9 8 8 8 8O &

Home
Tables v
Industry

Jobs

Job_skill

skills

Q1-In-Demand Skills

Q2-Industry Salary Analysis

Q3-Salaries across varying...

Q4-Industry Growth over ti...

Q5-Salary by Experience L.

JOBS contains 5,000 rows, with each row representing a unique job listing. The table includes attributes such as job title, company, location, experience level, salary, and industry
D, enabling comprehensive analysis of employment trends by geography, seniority, and sector. The Industry ID acts as a foreign key connecting each job to a specific industry in
the INDUSTRY table.

Qv
JobiD
7
275
276
m
78
279

280

284
285
286
287

288

Job Title
Engineer, drillng

Lawyer

Surveyor, minerals

Sales professional, IT

Lobbyist

Diplomatic Services operational officer
Osteopath

Museumgallery curator

Technical brewer

Legal executive

Psychotherapist

Chartered public finance accountant
Designer, industrialfproduct

Retail buyer

Civil Service administrator

Actions v

Company
Brown, Becker and Hebert
Wilson and Sons
Haynes-Russo

Smith Inc

Cervantes PLC

Blair and Sons

Rodriguez Group,
Duran-Dunn

Vincent, Morrow and Davis
Wikerson and Sons
Adams-Plerce
Burgess-Wright

Garner, Mayer and Miller

Gibson-}

im

Chase LLC

Location
Bangalore
New York

San Francisco
Toronto
London
Sydney
London
Bangalore
New York
Sydney

New York
Beriin

Toronto

San Francisco

Sydney

Experience Level
Entry Level
Senior Level
Senior Level
Mid Level
Entry Level
Senior Level
Senior Level
Senior Level
Mid Level
Entry Level
Entry Level
Senior Level
Senior Level
Senior Level

Mid Level

salary
63000
13000
94000
126000
146000
125000
124000
92000
133000
55000
90000
131000
71000
52000

78000

Industry ID




image15.png
() Home

Tables.

JOB_SKILL contains 12,157 rows, allowing for many-to-many relationships between jobs and skills. Each row links a job ID to a skill ID, making it possible to identify which skills are

associated with specific roles. This design supports analysis of skill demand across industries, cities, and experience levels.
Industry
Jobs

Job_Skill C ool [

skills Job 1D skill 1D

£
587 18
Ql-In-Demand Skills
588 a
Q2-Industry Salary Analysis o =
Q3-Salaries across varying... 588

588 2
Qa-Industry Growth over ti.
589 n

=
=
=
=
@
@
@
@
M

Q5-Salary by Experience L. 589 10
590 19
590 2
5% 1
501 16
592 2
593 27

503 s




image16.png
{2 Home SKILLS contains 29 rows, with each row representing a unique skill. This table serves as a reference list, assigning a distinct skill ID and skill name to each entry. It works in
conjunction with the JOB_SKILL table to define which skills are required for specific job listings, enabling detailed analysis of the most in-demand technical and professional
Tables ~ competencies across industries

6  Google Ads
Q4-Industry Growth over ti...

7 Social Media

E8 industry
&8 Jobs Qv Go  Actionsv
=l Lshis SkillID ~ Skill Name
&8 skills 1 saL
@ Q1-In-Demand skills g | &m
3 aws
@ Q2-Industry Salary Analysis
4 Python
@ Q3-salaries across varying... 5 Market Research

Q5-Salary by Experience L. ol

9 Supply Chain
10 Quality Control

M Production Planning
12 Sales

18 Merchandising

14 EdTech

15 Research




image17.png
R ® ® ® 90D ®

Home.

Tables. >

Q1-In-Demand Skills

Q2-Industry Salary Analysis

Q3-Sal

across varying...

Q4-Industry Growth over

Q5-Salary by Experience L...

In-Demand Skills
Question and Answer

Question: What are the most in-demand skills across different job postings? What skills are associated with earning the highest salaries?
Answer: The charts below display the most frequently required skills based on job postings and the skills associated with the highest average salaries. These insights are
crucial for job seekers looking to maximize employability and earnings.

Top 10 In-Demand Skills

700

JobCount

saL Python Production Supply Chain  Quality Control  Customer Service Sales. Merchandising EdTech Research
Planning

SkillName





image18.png
Home
Industry Salary Analysis
Tables >
Question:
Q1-In-Demand Skills
Do certain industries offer higher base salaries compared to others?

Q2-Industry Salary Analy...
Answer:

QOB R R s To answer this question, we analyzed over 5,000 job listings across multiple industries using Oracle APEX. Chart 1 displays the average base salary for each industry, clearly
showing that fields such as Marketing and Healthcare lead in compensation, while industries like Education and Retal report lower average salaries.
Q4-Industry Growth over

However, drawing conclusions from small sample sizes can be misleading. To ensure the results were statistically meaningful, we used Chart 2 to verify the number of job
listings available in each industry. This chart shows that each industry had a sufficiently large number of postings, which supports the validity of the salary trends observed in

Q5-Salary by Experience L...
Yy S Chart 1.

Together, these charts demonstrate that industry choice plays a significant role in compensation, offering important insight for job seekers and data driven job recommendation
systems.

Average Salary per Industry () Jobs per Industry

96K

ok

: L 4

Average Salary ($)

Marketing
Healthare
Finance
Retail
Education
Software

fanufacturing




image19.png
R ® 99 ® 80 ®

Home.

Q3 -Salaries across varying geographical locations
Tables >

Qi-In-Demand Skills
Question: How do salaries vary across different geographical locations within the dataset?

Answer: London, Toronto, and San Francisco reported the highest average salaries in the dataset, each exceeding $95,800. These cities also had a large number of senior-level

Q2-Industry Salary Analysis job postings, suggesting that more experienced roles drive higher compensation. In contrast, cities like Bangalore and Sydney showed lower average salaries despite
comparable senior job counts—likely due to regional differences in cost of living and industry salary standards. Although all cities reported salaries within the same range
Q3-Salaries across varyin... ($40,000-$150,000), the uniform limits may reflect how the data was collected or standardized, rather than actual salary ceilings in those locations,
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Question 4: Industry Growth Over Time

Question: Which industries show the most growth in
job postings over the dataset's timeframe?

Answer

The chart breaks down job posting counts by
industry across two time periods—early and late—
50 we can identify trends in hiring/job growth.
Marketing stood out as the fastest growing
industry, with the largest increase in postings over
time. Finance and Software also saw decent
growth, while fields like Retail and Education
experienced a decline in postings. These shifts
reflect broader market dynamics such as demand
for digital roles versus regular roles.
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Salary by Experience Level - Q5

Salary by Experience Level
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Question 5: How does the level of experience required for job postings affect the salary offered?

This chart illustrates average salaries across experience levels. Surprisingly, Entry Level jobs reported the highest average salary ($96,012), slightly exceeding Mid Level
($95,370) and Senior Level ($94,512) roles. This unexpected pattern may stem from the nature of entry-level positions in the dataset, which could include highly technical roles.
that require advanced degrees or specialized skills. Additionally, the data does not account for job difficulty or educational requirements, which can heavily influence salary
regardless of formal experience level. Overall, the small differences in average salary across experience levels suggest a flattened pay distribution, at least among the job.
postings included.
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Field Type Description

CompanyID Text Unique ID for each company

JobTitle Text The title or position for the job (e.g. Software Engineer, Data Analyst)
Location Text The city or region where the job is based

Experiencelevel Text The required experience for the role (e.g. Entry Level, Mid Level, Senior Level)
Salary Numeric The offered salary for the position

Industry Text The sector or field in which the company operates

RequiredSkills Text Alist of skills necessary for the role, often separated by commas
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